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Web Usage Mining Using Distributed Learning Automata

Ali B. Hashemi” M. R. Meybodi'
Soft Computing Lab, Computer Engineering Department,
Amirkabir University of Technology, Tehran, Iran

Abstract

One of the most important issues in web mining is how to find out similarities between web pages. In this paper we
propose a method based on distributed learning automata which take advantage of usage data to find out web pages
similarities. The idea of the proposed method is that if different users request a couple of pages consistently together,
then these pages are likely to correspond to the same information needs and hence can be considered similar. In the
proposed method, a learning automaton is assigned to each page and is responsible for learning the similarities of that
page to the other pages. It is shown that the proposed method performs better than the hebbian algorithm and the only
learning automata based method reported in the literature. Furthermore, the proposed method needs lower computing
time comparing to the other methods and unlike the only reported distributed learning automata based method it can be
used online.
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Web usage mining, learning automata, distributed learning automata.
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Procedure DLA_usage_minig
variables:
DLA: Distributed Learning Automata which contains n
LA having n-1 actions.
user_log: Array of [ Number of Users][Users Path]
/* user log, documents viewed by each user.
each row contains trace of a user. */

begin
for all users do
doc id=1;

while user is browsing the site
cur_doc = user_log[user id][ doc_id ];
doc id = doc id+ I;

/* find next document (ol ) visited by current user */
o = user_log[user id][ doc id |;
if action o of DLA(cur doc) is disabled then
enable action o of DLA (cur_doc);

end

set [ =0; /rewarding action cur_doc

reward action 0. of DLA(cur doc) according to
eq. )

end
end

end
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